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| Al 927|20| MSsts 7HXIE 3oz B7tob| Slolid= HEA I1XIE717F SR,
O] GIAIZ2 A7t MiEots 7HXIE Ol 67HX| EHOUIM F7tok= GIAIE HMSEL

7IX| 24 s N oAl & HF
oty ik szt - Y UH/0E g5t Udk(sensitivity), SO0I=(specificity), 4 25 £9
FICHH e = (receiver operating characteristic [ROC]) M HH 5

AL - Xz /9S8, 4EE FA8 S

- 5% Zeof tist 27H/AMEA E QgHI8

X o|Z2H|R = i
AME Sl=HIE BN oguua AR HISE 9N AR 24
ozofmelzel gy | OFB/ |- AmvlNel ¥R 58, §eo 490 Hig
= = ool | - 920lo MR IRE, YR UL, B
HIFE) 2 x| - B B, OEE, HOSOI ZEM AISY U4, BA ARARE HE, HAI
Y ENER 2 TAF 24), M| &

* HEHEEE S0 A= ER, oo LES OIEotH T=/atAt 200 UK net benefits =Y
[e) | 7
O

=
SO WMH/Q0l A= LUK DA 42 47t JhMo| SSHX|0| oM & O AMIS

Net benefit
= Asensitivity X prevalence+Aspecificity x (1-prevalence) x FP-to-TP outcome ratio

FP: false positive, TP: true positive

CH29| & FA0M net benefit XIHE Xt HAGH JI2HTE MMt 4 Q)

gjo

https://aim-aicro.com/software/performancetooutcome

ZI&28: Park SH, Sul AR, Han K, Sung YS. How to Determine If One Diagnostic Method, Such

as an Artificial Intelligence Model, is Superior to Another: Beyond Performance Metrics. Korean J

Radiol. 2023;24(7):601-605.
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1) 2&7|7] 257t A& link

Lunit INSIGHT CXR version 2.0

[E=228] 268=2dddE IHEZADEY0/ [E=5171H3] M &f 20-896
=/ [iiﬁiﬂ 1] 2020-10-19 / [R&7IZH 2020- 10 19 ~ 2025-10-18
[E371] AEAFAHX

2) EM0|X| link

https://www.lunit.io/en/products/cxr

3) Al ™| 7|5/2X

BF YARIARTOIN , 718 HZ0l=
2 E0{QlS[atelectasis, calcification, cardiomegaly, consolidation,
fibrosis, mediastinal widening, nodule, pleural effusion,
pneumoperitoneum, pneumothorax)S ZX[otH, Al ZIIE
=00| 88 LARARRIZ H=g

—_= L

e 87

o

Ol(mZE, H 1074X]

X1
o=

1lot] 9

4) N2XIE 9J3t Al 53 2 ¥9_§$ éi( HZE, HY, 718 59 7t58S 28 HZ(0%~100%)2
3 e IS0 HAISHD], HEIO| XIS B WAMIAIE 20| heatmapQ2 QH{H
° 3101 HAIE.
5) A7k AlgRIH oisatEs | [ HABIK &S
= QAR AIEE FLE | [ S, JIE 3t ME I F siAo oEt YESt XIFS AIZE
MAlsH=7H? W OHASID], 7IE 3t Me o HS ShAol Cfst BESt XIFS MZSIK 48
2. H8oldis AYYE X HYEX
MOl AL iy o7 (WY A32lY)
3. &5 CIolH
Spa o Lunit INSIGHT CXR version 2.0, A& AIZ sk& H0|H set2 EQIsh 4
1) 8k GHOIEf 7|2 oo
HA O
[T = = 5t5t
2) HEstds UNNB RO | o
ABIRIQL 2BSHETH == o8
™ 286K 48
™ st2ojolg
3) =27t [ =2 olE
8= 2 AZEOIE: 3= (%), A= ( %), ¥ vig 22Y
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1) X2 MX|HE

Nam JG, Hwang EJ, Kim J, Park N, Lee EH, Kim HJ, et al. Al Improves
Nodule Detection on Chest Radiographs in a Health Screening Population:
A Randomized Controlled Trial. Radiology. 2023;307(2):e221894.

2) A8/AZ OI0|E/3 | 2020 6 15UEE 20214 129 31UNK| AUHR 2XO2 3x HAMSCHH
A7l )2 W20l B YMUHIS w2 194 0149 £+AUX & 10,476

3) Mgt yuys |V F REd
U cpasie 28 | [ 2ews
ot=7t? M=

o
9'3
Pl
52
ojo
(5
Pl
52
rr
ot

Kb, A8t selection bias)

[ Sax
C SIKF AKXl Ht
)tllolEV% Fad W v
) [ men o su
V' t=6olE
5) =7 [ =0l
[ st 2 Q=00 8= ( %), o= ( %), [ Hg =229
ﬂﬂéﬂ
A= Randomized controlled trial (RCT)Z2 8 HAMMAIRIZ IS &
10,476o—| BXE Al EX JE(n = 5,238)0 Al HEX J2(n = 5,238)2% L}
F0l HEES B0 _n, 3718 O|Uo| 2Fst &% 88 CTE HIERE XX|7t
L Q35Hactionable) HZX(lung-RAD category 4 nodule: solid nodules > 8
mm or subsolid nodules with a solid portion > 6 mm)2 HAEES EIXt gt
ALY.
6) 2 Q%

ool R Y=Zilt= 4EE0IX,
ARSARRIS] ZtQb A0 XA ZZEQ| 47% (n = 4,886)2

dZETC2 Aldtist AM017] W20 87 ¢
H7IROA 8] CT

b +AEALD 0|0 Cier Fet: AT 7hs3E. TetM, 858 CTE Aldet
subgroup2 CiMCZ Al JE1 Al HAIR 129 RHAMSE H|ushe AR7F 7t
E TYEJOH, &= = A0|Q| sensitivity, positive predictive value, negative
predictive valueE H|W SIS,

8

]



2 CTE &2 Z7HAHn = 4,886)0M Z=X|7 Hst HAXS Tt

A Al IE2 Al HARE D820 =2 JHHEEE HA3.

sensitivity: 56.4% [31/55%] vs. 23.2% [13/56%], P ¢ 0.001

- positive predictive value: 35.6% [31/87E] vs. 18.8%
[13/69%H], P = 0.02

- negative predictive value: 99.0% [2,314/2,338%H] vs. 98.2%
[2,349/2,392F], P = 0.03

2 o

Net benefit

(https://aim-aicro.com/software/performancetooutcome

®  ASensitivity: (33.2%)

= ASpecificity: (-0.1%)

m Disease prevalence: 1.1% (10,476H9| X7iXt & 1119, H
Z2H RYE)

= Net benefit 24Zut {0 ALet 222 ASensitivity, A
Specificity, Disease prevalenceE 21, FP-to-TP outcome
ratioS 0~12 MAM™MS O, FP-to-TP outcome ratio?t A
0| net benefitO| Yotz A= LIEHH.

=

e

Converting Performance Difference to Outcome Difference

L) ol

11 2 T AT Tl

£
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1) X2 MX|HE

Nam JG, Hwang EJ, Kim J, Park N, Lee EH, Kim HJ, et al. Al Improves
Nodule Detection on Chest Radiographs in a Health Screening Population:

A Randomized Controlled Trial. Radiology. 2023;307(2):e221894.

2) N/AZ HI0[E/8t | 2020 6% 15ULE 20215 122 31UMK| AUAX 2X02 X} HAMSOE
N S Lol 85 YAMEGS L2 194 0142 2tXt 10,4769
3) Hgleis Yyuy |V T rEd
o BRie 28 | [ 22w
sk=71? = _ - . .
BHE7H [ SEISIR| YS(UR| Q= BRI, A3t selection bias)
[ &a
Hl0|E AX| H}f
4) H11I0| VIS v matx
) [ aem 9 =gn
V' t=6oE
5) =7} [T 9zHolH
[ 312 2 ZE0|E: 33 (%), A= ( %), [ HE =29
éHA|7=|_|_|.-
RCTZ 5 YAMAIRIZ #HsSH 10,476F2 &XE Al EX O8N
5238)J_ Al HIAFR J2(h = 5,238)22 LIL0] HAES I’jf
S. Y oluol HYSt 34 BE CTES HIYOR X7 WO
111I7E"§(|ung RAD category 4 nodule: solid nodules 28 mm or
subsolid nodules with a solid portion 26 mm)2| HEE
(number of true—positive radiographs/total number of
radiographs)2 H|W& St £ 12 AH0|9| false-referral rate,
positive-report rate, 24 HAH HEE, HY HEES HlWF
- RAP} WO HZM ZEE: Al 20| Al AR J2wh s | A BH HE
6 1t ot 2(0.59% [31/5,238%] vs. 0.25% [13/5,2382]; odds ratio, | ¥ ==&
=0 2.4; 95% Cl 1.3~4.7; P = 0.008). [ 2og
- false-referral rate: Al &2t Al HIAME & 710 SAXC= [ £2 ot=

KOSt XH0|7F QUUS(45.9% [56/122F] vs. 56.0% [56/100H];
P = 0.14).

- positive-report rate: Al g1} Al HIAFE OF 7H0 SAXNC=
OO|o+ xf0|7 P AAS(2.3% [122/5,238F] vs. 1.9% [100/5,238

: 5&@&*9_% SRIE ot MAM AES: Al ISUA =US(A
&, 0.15% [8/5,238F] vs. Al HIAFE &, 0.0% [0/5,238
H]; P = 0.008).

- MY ASE: Al IS0M =UAS(AI I8, 0.11% [6/5,238F] vs.
Al HIARS 18, 0% [0/5,238%]; P = 0.03).
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1) 2=717| 257t Atz link

CE Q& (2019), 1SO13485:2016certification, KFDA approval, EU
registration

2) EHO|X| link

http://mediai.io/

FP>
I-J

Enl *P"OHM 77K 2RIE 29,
¥S|

3 NaTS 2250, £ K9 B9

2 HMAIStH(hybrid Greulich-Pyle

__’n_

ol

Al ol 7|5/25 =% 29 < _
3 22l 7Is/ Tanner— Whltehouse [TW] giH) 9|Z20I10| 29 =NE Qs FUIXEE
AEE.
77tX| BQ|(radius, ulna, distal phalange, middle phalange, proximal
4) MEXE QIst Al 8 Z | phalange, metacarpal of the third digit, metacarpal of the first digit)2l
at HEY = H=EE 1.0M~8M7EX] 67HE ZHECE MAR. = d=k 24 |XIE
& HIARMARRL (0] heatmapl 2 QH{ G0 HEAIS
B) A7k ASXI0IA| cisstE |V RINGHK @S
EE= QASH A B2 | [ RMAGIH, 71F b ME 2 B4 iAo i Bakst XEg M3
RIMBH=t? ™ HAISIDY, 71 gt HE 2 R4 M0l Cist DB KIFS MBOHK %S
2. MBI ANME U HNEK
18M| Ofotel A0t 2tAt, 55| LiEH| Ht0] U= A0F 2Xpel ZuiLt x|z F7F & 421 7] 6| S0l 28E +
=
3. =5 O|o|E
el 5 HIO|HME=RE 7|3g
- Society of North America (RSNA) 2017 challenge: 0O|= Stanford
1) 85 0| 7| University2t Colorado UniversityOflAl 2 14,236742] & BIARMARE
- Digital Hand Atlas: O|= University of Southern California®fA| &2
1,375702] & LARIAR
vV =t g5t
2) Mgstels Asug A o |~ o C
= = Et
iRt 235H=TR oo
I 236K 22
[ &t=200]F
3) =7t v Ql=d|0|Ef
[ 3= o =E0IE: 3=2( %), A= ( %), [ Hg 229
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II. g AR/ES Zak J|1E Tiget AIE E8

re

Lz ZH HlW Z1}

4, ORJ|&/25Q §F 2 OF

Lee KC, Lee KH, Kang CH, Ahn KS, Chung LY, Lee JJ, et al. Clinical
1) X2 MA"E Validation qf a Deep Learning-Based Hybrid (Greulich-Pyle and I\/Iodﬁ@d
Tanner-Whitehouse) Method for Bone Age Assessment. Korean J Radiol.
2021;22(12):2017-2025.
2) /45 20174 6ERE 20184 8FMA| 0 QHAN| 2=Zet 2M~18M A0 At
G|O|Ef/2tx} 7|2 10289 & HARIARE S 1,6467H
3) MZslze Anyg M T REE
2 CHEREet [ 22ys
Sael=A [ 2316t US(LUR| o= B}, AlSH selection bias)
v s
S AX|
4) HolEl/BiRt 21| O
t(')l.tél.l -_Oo
BEE
V &2 0/
5) =7t R =
[ 312 2 2H0IE: 32( %), A= ( %), [ HE 229
A7}
5 Fo| FYOUSAIt = H9| separate sessionOilA Al2l BEXES g | Al 31
Al X @10 SHHS T=OIL reading timel| 7| AL, Al o
vV 2=
6) Zu 29 HAE @7L 2] 42 ZR0| reading time?| XI0|E e oo o
AIE 083t SHHS BIt Al & HEX9| reading timeO| BzH =we
©2 5420014 3537E2 18.6% (95% Cl, 12.95-243%) 24 || =& otF
ghP ¢ 0.001).
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1) 2=717] 257t Atz link

o|27|7| 7} BtX

| [e]d=2
[Eogmm]

2) EHO|X| link

The Fundamental Al Research (FAIR) team at METAO]|
23l https://ai.meta.com/research/

Code &71:
https://github.com/facebookresearch/fastMRI/tree/main/fastmri_examp
les/RadiologyJohnson2022

A£E(0] Tt

3) Al BEo| 7|5/2H 3-T MRIZ knee MRIZ ZJ Al AIZ 0|85t FAQ HS RX[GIHAN Y
o AZtg o=
4) NI2XE 93t Al 23 & o _
) jl_||.-064|5|-| i =TS AIZ HIEA HESIBA ER0| fME Fat
o
5) A7t AlRXIOIH o=stE | ¥ HMAIGHR 48
E= QAR AAE FRE [ FAGHH, 71F 2t et 2 Fa oMol et WEsE (ES AMZE
HAloR=7t? ™ ° = ZF AMEH QI ™A G 5 515 X2 M5 oro
HAISHY, 7|& ot MEd 2 F= ohMof et Hetet X|EE MBS 25

ee MRIZ} ZQst Skt

3. =5 O|o|E
NYU Langone HealthOlAl 20193 2&~3€, commercial 3-T MRI
1) &5 Ho|g 7|¢ systems (MAGNETOM Skyra and Biograph mMR, Siemens

Healthineers)g 0|25t &Y=l 298712 knee MRI

2) Mgty
At

3) =7t

e
CEEIE
B2 2 9|=2H0|g;

B U B Y

ol

= (%), 92 ( %), [ HEg =229

r

16

s 71020178
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II. Y& AB/ES Zak 7= TR}t AIE 26t Tt Hlw Ay

3. AANH 2zHIE HA
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1) X2 MXIHE

Johnson PM, Lin DJ, Zbontar J, Zitnick CL, Sriram A, Muckley M, et
al. Deep Learning Reconstruction Enables Prospectively Accelerated
Clinical Knee MRI. Radiology. 2023;307(2):e220425.

2) Ngl/d3 CIO|E|/2txt
71

NYU Langone Health, 20204 1€ ~ 20214 2&, 2™ ZH9| knee MRIE

o= 18M 049 gol &I & 35 2Z=0] UL, MRIS Z7I350] ol
got7Lt, knee MRI coilt| Mefotk| 2 £& F7IE 71T SXE Mgt &
17089| ARSI 3-T MRI system (MAGNETOM Skyra, Siemens
Healthineers)g 0|&5t0{ Y0{Xl knee MRI

v = gstsl
3) MSsAE YU L | - =T
2= W5}
CHALBIRIQL BBH5H=TF? S=od
[ 2BI5IX| US(UX| 4= SHAIZE, AlFt selection bias)
™ s3x
4) HIOE/8Rt 27w |V e
[ e 9 28y
[~ st=2e|0|g
5) =7t RIS
[ 5= o Q=H0E: 312 ( %), 9= ( %), [ Hg 229
Az mL:
AIS 0|&%t deep learning (DL) protocol2 Hxt HFA| ZH0|E bE33%
6) 21t Q9 +16X2, 7|1E HYAIZH 956X + 19X HEEYUS.

Scan time2| #&2 MRI ZAAZEE H§A|5’1*‘I HE X2 HR9 §282 =0
0 AA 2K 8 B7F A 5 U2, X7 MRI 7|7] oo =2 UA0{0F Sf
= NS 20 2ol 2HE &Y 4+ US.

7
s 71020178
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1) Az MAEE

Johnson PM, Lin DJ, Zbontar J, Zitnick CL, Sriram A, Muckley M, et
al. Deep Learning Reconstruction Enables Prospectively Accelerated
Clinical Knee MRI. Radiology. 2023;307(2):220425.

2) N&/d3 ClIOJE] /&Rt
71

NYU Langone Health, 20204 1€ ~ 20214 28, Xt 2X9| knee MRIZ
o= 18M Old2 &2l &AL & 35 2AUS=0| AL, MRIS| 5750 of
FotAL, knee MRI coilt| Melotk| 2 £& F7IE 710 SXE Mg &
1709 EIIKEUA 3-T MRI system (MAGNETOM Skyra, Siemens
Healthineers)& 0|83t0{ Y0{T! knee MRI

v 23
S T
CHAMBIRIQ HBtaH=7}? =TSE
[T H3H6HX| US(X| = BHAIZ, A8t selection bias)
[~ &3y
4) CIOJE/&xt 23 &Y |V ®ax
™ oEs o sy
[ st=ojolE]
5) =7t ¥ elzdolE
8= 2 A=H0E: 32 (%), A= ( %), [ HE =229
st
AlE 0|88t deep learning (DL) protocol2 Tt EHYA| )
X x = = = = Al §.I'_|' ]ﬂ'g
0|87 5E33X+16XZ, 7|& HIAIZH 926X +19x%
oM HEEUS vV c2=
6) 21 2% dEES. o )
Scan timeQ ZE2 MRI ZANZIS SEAHAM g 22 | [ 229
A0 EES =01 LA EX £2 BIIAZ £ UCH M c2 os
EXI7F MRI 717] Qtof| =9 UO{0F Sh= AlZtS E04 Xt
o] EME =Y £ Qe
— 0= == T Mo
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I Al 2

1. Al RE Q9

1) 2=717| QI5{7t Xt= link | Q=7|7] 57t 2X| Ok

2) EM0|X| link Code &7H: https://github.com/vineet1992/CXR-LC
3) Al BEo| 7|5/=2X Z:lg XSEX(LFOL g4, &9 )2 g2 E'thﬁif’ﬂ%eolgﬁfiﬁ ]11|°|:.*:'e*¢§ a
e, & Mg CT HY MEZAe M-et 2 EA4E MESIA} o

A O[LHO MQfO] ZAist 20| gt &E(0%~100%)2 #4totd, 4712
1t odEH A HFZ 258 (a) low risk ( 2%), (b) indeterminate risk (2% ~ <
- 3.297%), (c) high risk (3.297% ~ ( 8%), (d) very high risk (> 8%)

o
=
my

[ HINBHR| o8

5) Al7t AFEXI0A 0’II§§-.
H+E |V mASIH, 71E

EE QAR S4H 2 MR 2 EA SOl CfE BEE XIHS ABE
RiAist=2t? [ ®INBID, 71Z 2b Mef g M4 ofalol CHSH S KIS MBOIK| %S
2. HBol= ALHE Y SR
AT ARIR(HY A32)Y), Sol YYHOR HY ABOIKKDY, F)It U 4Ol

3. st5 HIolH

0j= 1074 AXIYER0A 1993HLEE 2001E7K| The Prostate, Lung,
1) & HIOlEf 7|¥ Colorectal, and Ovarian (PLCO) Randomized Trialol SE= & ZAZXl &7}
A & 41,856F2 5 xi

2) Mgty
At

st 0/
Rl
S Ee (I

3) =7t

X1 717

=2 (%), A= ( %), [ Hig

ron
1}l
HIT
o1
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1) X2 MXIHE

Lee JH, Lee D, Lu MT, Raghu VK, Park CM, Goo JM, et al. Deep
Learning to Optimize Candidate Selection for Lung Cancer CT Screening:
Advancing the 2021 USPSTF Recommendations. Radiology. 2022;305(1):

209-218.

2) Ngl/d3 CojEl/&

2004 18 ~ 2018 GO 20T,

MR ST )
1 HIAMMEH 19,4887

It 71 = 50AI~80M 4010 HUAUT &
3) Hgstes ayg |V T REY
o jAERte 28 | [T 22yt
ok=7t? [~ E3I51K] o4S(SR| §H= BHA}RL, ISt selection bias)
VS5
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2f CT MZHAS| EAS MEoh= Ol ANA 2 xid Al
d22E F/I= 0|Edt= A0 ALY HEBA A =2 E0

rr Ho

20214 U.S. Preventive Services Task Force (USPSTF) #I10|
2ot 4<(50M~80M|, 20¢E 0|42 &0 = SX A
= 159 O[LHoll SHSH XY

vs. USPSTFO| R&lot= 29 & AIE 0|8¢%t 4%l 88 xMOA H
Qb 2o QAT low~intermediate?l AR(YE ¢ 3.297%)2 A
6) Z1t

fo
12
o
gI:
o
I
==
El
9'|_

AIE F7t2 0|8sckz R0l CT MdEHAS 2HL = SAHC=E

Fol0fstA Zagt

- CT MEZAL FEX} H[E: 45.1% (7,835/17,390) vs. 35.8%
(6,233/17,390), P < 0.001

- AIE F7t2 0|&5tE USPSTF 7|ET HE
(1,602/7,835)2] MEHA Uy =AE Y

-

|20t 20.4%
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1
ojo

= I8 78 MY 282(0.3% [53/17,390] vs 0.3% [56/17,390],
P = 0.85), positive predictive value (0.9% vs 0.7%, P = 0.42)
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510(k), K203224 Trade/Device Name: Acumen™ Hypotension
Prediction Index Regulation Number: 21 CFR 870.2210 Regulation
Name: Adjunctive predictive cardiovascular indicator Regulatory Class:
Class Il Product Code: QAQ
https://assets—us—-01.kc-usercontent.com/6239a81e-8f0f-0040-a1df-b
4932a10f6ae/21b36895-0bca-4c0c-be21-1dc7e1d65f2d/K203224.pdf

1) 2=717] &7t Xtz link

https://www.edwards.com/healthcare—professionals/products—services/

SH0|X] |j L o .
2) BHOIA] link predictive-monitoring/hpi
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Wijnberge M, Geerts BF, Hol L, Lemmers N, Mulder MP, Berge P, et al.
Effect of a Machine Learning—Derived Early Warning System for
1) Xt=2 MX|HE Intraoperative Hypotension vs Standard Care on Depth and Duration of
Intraoperative Hypotension During Elective Noncardiac Surgery: The HYPE
Randomized Clinical Trial. JAMA. 2020;323(11):1052-1060.
HESHE YAHEFHC 3xF HH o Z0AM 2018 58 ~ 2019 30| T4 O
2) AM®/E3 OIoJE/& | 5ol S20] Ofd M =8 dh= MOl &k} 689. 7|& & Xt ZLEHF Al
NL 2ES Z0| I—*%?_* JEEMD 712 BHEHYPE AHEst IS(HED)0 242 34
TY HEE U
3) Hgslas Ayny |V F REY
U CHABIRRL 28 | [T 2293
= [~ REBIX US4 EAR, A8t selection bias)
[ &3kx
5 AX| Hf
4) ilOlEV%W TE S U ma
; ™ we U sa
[ &=2hoE
5) =7t V' 212h|0|E
[ o= U A2H0E: 812 ( %), A= ( %), [ HE 22
SiMAD}: Unblinded RCTZ parallel design
- Ut 2 2 = T LS NEYQ median time-weighted
averageO|A=. %IH-T‘ 2 OEFAUA 282 0.10 mmHg vs.
0.44 mmHg (P = 0.001)Z, Al 222 Z0| A2 420 2=
= KEQto| Al I—I57|- =HEY2S of A 912 Al E3} T
v 2=
6) 2 2% - O|Xt Z1t gfe= Al ZEE MESIRE e Y X=E BE r =oo
Jtsd¥E Holsh| flsto & Og 70 1Y (Hd S ) 100 ==o
mm Hg)2l median time-weighted average?t K& X|ZX|< =g org
X A8 &2 HluoiReL, Rolijet X0l= SiUS. Mt of
g Al BEE FIIE AZot A OHF SAE ZUHY o 42
o = & LMol MY HIEE =Y + ACH, FoO/g 1t
Y Xz= YUolK| ple A= MHHE.
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1) 2=717| 257t Atz link

510(k), K211951 Trade/Device Name: Gl Genius Regulation Number:
21 CFR 876.1520 Regulation Name: Gastrointestinal Lesion Software
Detection System Regulatory Class: Class Il Product Code: QNP
https://www.accessdata.fda.gov/cdrh_docs/pdf21/K211951.pdf

2) EHO|X| link

https://www.medtronic.com/covidien/en—gb/products/gastrointestinal-
artificial=intelligence/gi—genius—intelligent-endoscopy.html#

CHALHAIAS AldiE I LHA|A processor2FE digital imageS 2460,
2 A B S o SH(EF, ME)0| T B HARIOR =M HIAE e W
S2510) 2= D2 Al DO £ ANS HHLIAIZS AldEHs A}
b AT BF Y| 223
4) NEXIE I3t Al 22 2 | [HRLAIZY] digital image= AAZIO2 SAGI0, 8Z0| OAEE #AS =
3t S M OHIAZ S W ZH0| SE
5) A7t AlRKIOIA oiEate | ¥ FIAGHR] %S
EE QAR GI&RE FAE | [T HASHH, J|E 3 AP U Ea iAo o3t YEst X|ES RIBE
HAlsk=2t? [ RIASID], JIF 2F Mef 2 M4 SiA0) CHSt TS KIS MBSIK %S
2. M= Azt U CHMEX}
SxA0| BRMOI S JIE HOU(TH 18K O|ANS CHAIOR SH= ZATI HELKAIZZAL
3. 85 HIo|E
20135 12€2E 20161 107X QB 020N ZE HRLHAIZS Al
1) 8% HIO|E| 7|¥ St 5OMI~75MQ] BHF = MO St O|Ale] 80| UCH JIZE WAIZ ¥
MO 712X 2HIL Qs BRHE 840F; HH 2,6847H).
v =t 255t
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1) X2 MX|HE

Karsenti D, Tharsis G, Perrot B, Cattan P, Percie du Sert A, Venezia F, et
al. Effect of real-time computer—aided detection of colorectal adenoma in
routine colonoscopy (COLO-GENIUS): a single-centre randomised controlled
trial. Lancet Gastroenterol Hepatol. 2023;8(8):726-734.

2) Ngl/d3 HojEl/&
A7

20214 58 1YRH 2022 53 1YMA| ZZAS LIAIZ M of 20 T =
HMoZ HXLIAIAS AlASH 421 StXt Unblinded RCT, parallel design@2 7|&
BE OIEUWAZE A 22 DSR2 AIE MEst JSHEED) 0 242 1,026

F 21,0134 HEEUS.

3) Hgstes Aygy |V T REY
% OgeRiet 23 [ 229
= [ S85IK YS(AA| 2 BT, Al3t selection bias)
_ ™ a3y
Y HORY/ER 3T Y| 5
) REECCE
[ at=olg
5) =7t WV 2|2E0|H
8= 2 A=E0IE: 32 (%), A= ( %), [ HE 229

Al 31} Ty

WS B 7K 0149 ME0| EOIE HYHUAZHAY HIE | [ cox
=
(adenoma detection rate [ADR))Z HZE HEUAIZ Z0M= v =229
33.7% (341/1,012), Al HEZ0|A= 37.5% (376/1,003) (P = i
[ =g org
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1) X2 MX|HE

Karsenti D, Tharsis G, Perrot B, Cattan P, Percie du Sert A, Venezia F, et
al. Effect of real-time computer—aided detection of colorectal adenoma in
routine colonoscopy (COLO-GENIUS): a single-centre randomised controlled

trial. Lancet Gastroenterol Hepatol. 2023;8(8):726-734.

2) Ngl/d3 CojEl/&
A7

20214 bE 148H 20223 53 1LMA| THAQ| LHA|H ME
HOZ fRLIAIZS Alsst MOl &ixt, 71Z BE CIEUAIZS A

oL OL 1o

DI A HE TS(LED)0 22 1,026% L 1,013 vy

0

ROIM AR =
=[i=} J—E(EH}_

| gy —
ERAS.

0gt ror

3) Mgslze Anyg |V T RYE
o CHAERIe 23 | [T 22w
ok=7t? [~ 235K O4S(SR| §H= BHA}RL, AlSH selection bias)
™ s8x
G|O|E{/&tK} 2%
4) H1|0| ER SR | o
) ™ mem 2 sas
[ St=eolH
5) =7t T V]]=
32 U Q=2H0lE: 32 (%), A= ( %), [ Hg =29
A7}

O|x} Z1} o2 HAEA|ZHcolonic exploration time)dt CHAS
E|A[ZHcolonic withdrawal time)2 AXGIAS. 0l= A AQA

NEZ, 9z019 gdE F/IE + U= AEY.

HEUAIZS A 22 20| Al HEZD HlD Al CREEAARID}

| gy — 10O -

Zt

—

o | Al 5T Ty

XSEAZI0| D5 Q051K WS =24
- CHAEMAIZE 510X (interquartile range [IQR] 392%~700%) M 229

vs. 570% (IQR 420%~792%) (P ¢ 0.0001)

- Y= EAIZE 435x (IOR 360=~583=%) vs. 480= (IQR 360

Z=~648%) (P = 0.0013)
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1) 2&717] 257t Xtz link

ol=7|7| 215{7} 0|™(Microsofte] Open source softwareZ ¢
AMASIE|X| UL ZHOZ MZi=)

=0T AlZ,

2) EHO|X| link

https://www.microsoft.com/en-us/research/project/medical-image—-an
alysis/
https://news.microsoft.com/en—gb/2023/06/27/ai-helping-shrink-waiti
ng-times—nhs-cancer-patients/

3) Al BEH9| 7|5/=X

-l A=s
- 22X
./ 1"

7| 2&H(autocontouring solution)
MY, FERYY LAMRE A2g floi BN ¥t = |
At7|(organs at risk [OAR]Q S XAZ02 2315

e =

4) NEXIE Q3 Al B 7 | _
Y NEPN; HEHZ L -5t
J—l-l' %EH JEI ojl/otﬂe XI'o —=
5 A7 ASHOA o2 v HINSHA ot
EE QAR A8E MaE | [ HABID, 7IF 2 HE Y ES S0l Oist BEst XAe HEE
HAlSH=7H? ™ HASIC], 7IF 3t e 2 ES S0l oSt BES XIS MBS %S

- ZEE CT: 201244~2019E7K| 657§ S0l MPYNYOR HANR|ZES
S UR B CT & 345/M(QY, 35, SHUS, 20| - ¥ 0|22 K|
i 5 AZE0 UK US
1) 8% HolEf 7| ol SISHof SUX & _ i
- SFE CT: 271 HHUA SHRYOR YWAMARE B HRHOY 24%,
g4 76%) CT & 17670(Q, S0| - MM BHX; CT HO[EHES 2o
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vV =t 83151
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https://www.microsoft.com/en-us/research/project/medical-image-analysis/
https://www.microsoft.com/en-us/research/project/medical-image-analysis/
https://news.microsoft.com/en-gb/2023/06/27/ai-helping-shrink-waiting-times-nhs-cancer-patients/
https://news.microsoft.com/en-gb/2023/06/27/ai-helping-shrink-waiting-times-nhs-cancer-patients/
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1) X2 MX|HE

Oktay O, Nanavati J, Schwaighofer A, Carter D, Bristow M, Tanno R, et al.
Evaluation of Deep Learning to Augment Image—Guided Radiotherapy for
Head and Neck and Prostate Cancers. JAMA Netw Open.
2020;3(11):€2027426.

2) AlE/ZZ jojEl/2t
Xt 719

- S8 CT: 20128~2019977IX| 571 HENA MEMUOZ HIAMMR|ZE

2tX CT & 13274

* 57 Y sE OI0|EN RE/AZ &2 917M(internal validation set 42 +
test set 49) + 2719 28 HA(HO|, 27) 837(external validation set)

FE8 CT: 274 HEHo FERYCE AKX |2E HE2 2Ato] =438 CT 6674

* 270 Hel sk& OI0|E0IN RARIZ B2 407l(internal validation set 20 +
test set 20) + 1749 ¥ HIA(L0]) 267H(external validation set)

i

o
w2 g4t

3) Hgstes Aayy |V T REY
o ChAEIRIS B3 | [T 22gs
= - - - - = . .
ot=7h [T 23ISR QLS(UX] = SRR, A5t selection bias)
vV 23y
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1) 2=717| 257t Xtz

link

https://www.accessdata.fda.gov/scripts/cdrh/cfdocs/cfpmn/pmn.cfm?ID=K
211678
https://www.fda.gov/medical-devices/software-medical-device-samd/artif
icial-intelligence—and—-machine-learning—aiml-enabled—-medical-devices
[Product Name] Computer Aided Detection / Diagnosis Software for
Mammography / [Product License No.] Al & 19-493% / [Date of Initial
Approval] 29 July 2019 / [Validity Period] 8 October 2020 ~ 31 May
2030 (AZOofOtX)

2) EHO|X| link

https://www lunit.io/en/products/mmg

3) Al RH9| J|15/2H

Lunit INSIGHT MMG v1.1.1.0

- Jlst QUBYOIN RY UE T, 1Y HHS UKL 1 A WY 7t
54 HE B4 HA

- SN 01 Qe MEAN QU

SRl XY L SHS ol0] 20l

rEds S/MAI717| ?lall HEERAS.

4) NEXE I8 Al
Z1h HE

2
=]

SLUNIL INSIEH | R RG w58

ZA™E 2t heat mapzt HIHA

1) ¥1x18%(localization): RYLL0| iE= 2B, Malst 2 HY, H|H
)0 heat maplZE HA|
- HIFY = GXEL 10 0|42 XS HA

2) HIE4 HE=2(abnormality score) HAl: 0~10022 HI/IE4+~E £0{5t0, 1000]

1Y B oy 4E.
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https://www.accessdata.fda.gov/scripts/cdrh/cfdocs/cfpmn/pmn.cfm?ID=K211678
https://www.accessdata.fda.gov/scripts/cdrh/cfdocs/cfpmn/pmn.cfm?ID=K211678
https://www.fda.gov/medical-devices/software-medical-device-samd/artificial-intelligence-and-machine-learning-aiml-enabled-medical-devices
https://www.fda.gov/medical-devices/software-medical-device-samd/artificial-intelligence-and-machine-learning-aiml-enabled-medical-devices
https://www.lunit.io/en/products/mmg
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EE QAR G148 MAE [ MAGHD, JIF 2t ME o R4 SiAj0) oEt FESH XIFS MBS
MAlSH=7H? W HIAIGID, 71E 3t M 2 H4 oMol Ot BES XIS MBI %S
2. MEslY= ALYE X YEX
QUIRJ0l ol TRl YIS JIH 2B 0149 MEAT
3. & HIOlE
M| 3= ME, 1749 O|= ME, 1710 Y= MEN SRS 170,2307H°)
_ MEAT EE NY 2N 0SS TS QUENS ARIEEENOR yoz
,I) éll_g E"OlE‘I 7|-?:.l & =T = ;'l'ro o= t [ g - ==
SRS 36468712 ARl ¥ YNHOZ HOUXEHAL EE A4 13 FHEY)
&l 59,544710] ARl E]
e
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ABIXIQ} HBISHETN ;
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1) X2 MX|HE

Lee JH, Kim KH, Lee EH, Ahn JS, Ryu JK, Park YM, et al. Improving the
Performance of Radiologists Using Artificial Intelligence-Based Detection
Support Software for Mammography: A Multi-Reader Study. Korean J
Radiol. 2022;23(5):505-516.

2) Ngl/d3 CojEl/&
A 71

ve

Moz SNE R 1003 H KLU0l OF 100|(2Fd EH 402, Y

1/ O -

602) & 2007H9] AlHE X =TAHAA 20098 3EFE 2018 9ETHA|

QY MY AZIOE ABHE FUHASZLE BHFIAUS.
3) Mgstais Yasy |V 2 REH
9 ChAERie et | [T 22w
ot=7t? [ EEI5IK| QI2(SK| U= StRjR, A3 selection bias)
i v s
4) jIOIEV?JXf =3 g ™ mard
; ™o U $a
v St=g 0l
5) =7} [ Q=golE
32 U 2=2H0lE: 32 (%), A= ( %), [ Hg =29
s zay
Study design: Paired design (Crossover)
3O FUMEIHCIR, bHO LHFMOZ FHE T 108 FYAHE2 7t 2
phaseZ LH+0 H7IE XIS, Phase 10= 3219 QEMEHAQ|QL 2019 &
HIHMOI7L Al EX o0 H=Z, LHHA] 2019 RYUMEIAOQL 3019 UBtHMo|=
Al BZQ0| WSS iU 01F 21Ol 9|2 J1 £ NS phase 20IAE
Al HXZ HIQIEH OJAt= Al 2X Q0| Al EX7} GUUE QA= Al EX9F a4 o
S2 AYols DA TS YR UNK Y M52 WSO 4MA XN 54
6) 21} Qo (ROC) B4 BAg Solf MAIFE.

Za

o Al HE JE vs, Al HEX IE (QUHEBSA| FH

1) AUROC (area under the receiver operating characteristic curve) : Al X
Al HIEZX HOh SAXNOZ ROI5HH 45(0.884 vs. 0.831, P = 0.007).

2) Sensitivity: Al EX Al HIEX HO} SEHXMOZ QOl6tH A&
(88.6% vs. 74.6%, P { 0.001).

3) Specificity: Al EX A| HEX SCt U7t ZASIHOL, EAXOZ KI5t XI0]
21S5(66.4% vs. 66.6%, P = 0.238).
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Net benefit (https://aim-aicro.com/software/performancetooutcome) £4:

* ASensitivity: (14%)

* ASpecificity: (-0.2%)

* Disease prevalence: 0.3%~0.6% (£X: 2.5/1,000 [J Korean Soc Breast
Screen 2004;1:15-20]; 6.2/1,000 [J Korean Soc Ultrasound Med
2010;29:1-5])

* Net benefit 24Zut & ATS flet /8 LS Al If FEA &

XSt

= TTo =20 [ 'IC')I'
HE0| 1* ROt of

[
&t 2M0| ({0, net benefit0] AHZtE marginal
benefit 04
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o|Z7|20| CHIA FHX|E} HAE

XIC|
[

[=]
2 RS 4&(0.833 vs. 0.684, P

-
N—

o Al HX M= ys. Al HEX TE (UdtHA9]

1) AUROC: Al EX A| HIEX HLC} EAFO
( 0.001).

2) Sensitivity: Al EX A| HIEZX HO SAXCZ QOIotH 45(79.4% vs.
51.2%, P ¢ 0.001).

3) Specificity: Al EX A| HEX HC} o7t ZASIUOLL EAMOZ Q0|5 Xi0]
218(70.0% vs. 70.8%, P = 0.689).

Net benefit (https://aim—aicro.com/software/performancetooutcome) £4:

*  ASensitivity: (28.2%)

*  ASpecificity: (-0.8%)

* Disease prevalence: 0.3%~0.6% (ZX: 2.5/1,000 [J Korean Soc Breast
Screen 2004;1:15-20]; 6.2/1,000 [J Korean Soc Ultrasound Med
2010;29:1-5])

. Net benefit 24Z1
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)Nl
£0| 1R HoI Mt 20| {2H2M, net benefit0] JAHZLE marginal$h
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1) X2 MXHE

Kim YS, Jang MJ, Lee SH, Kim SY, Ha SM, Kwon BR, Moon WK, Chang
JM. Use of Artificial Intelligence for Reducing Unnecessary Recalls at
Screening Mammography: A Simulation Study. Korean J Radiol. 2022;
23(12):1241-1250.

2) N&/d3 CIojE] /2

MetEES 4T dE 201M 2016 125H 20199 128 AO|0 RYEHI==2
UAE Oy 240 et 7S flofl &7t UHE RYESs L= UHE HAE &

B =2 = (digital breast tomosynthesis [DBT))E B2 04M(=screening recall)
7933Ol 44(30M~78A; & b4H, He T2 AN HH 739F)
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. Study design: Paired design (Case-by case sequential Al g3 ¥
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2. Al EX Of HEZX Zut HlW(n = 793, 95% AlZ77tE M)

100 =

Bl =
g ®F
Z i
5 i Al-unzided R1
L f — Al-alded A1
Al-unmided B2
Al-aided B2
i)
Al-unzided B3
[ hj-aided B2
a PTG Lol R L T RV |
] 4 40 6 o 100
100-specificity

1) AUROC: Al EX A| HIEX HLOI EAXOZE {951 M5
(0.89 vs. 0.79, P < 0.001).

2) Sensitivity: Al EX A| HEX HC} M&6HLE EAXMOZE Q9|5
K| %22(92.6% vs. 89.5%, P = 0.053).

3) Specificity: Al EZX A| HIEX HCt SAXOZ QOlotH A5
(53.9% vs. 41.9%, P ¢ 0.001).

4) MAe: Al EX A HEX HOF SANCE 5t da
(49.5% vs. 60.4%, P < 0.001).
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1) A2 MX|HE

Lee JH, Kim KH, Lee EH, Ahn JS, Ryu JK, Park YM, et al. Improving the
Performance of Radiologists Using Artificial Intelligence-Based Detection
Support Software for Mammography: A Multi-Reader Study. Korean J

Radiol. 2022;23(5):505-516.
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CHHBE0AM 2009 3BRH 2018H 98K 7Y
=

ODP
3) Meslis uaNe | M 2 RuE
U CiABIRIS 238 | [T 22Hg)
Sh=71? [ 256K PS(RR| o= SRR, A3t selection bias)
v &3
S A X|
4 HOB/ET AT | -
-  HeH U suw
W tzH0lE
5) =7} e o]}
[ 3t= 2 ZEHOIE: 312 (%), 9= (%), [ Hg 229
stAlZa}:
50j0 QUIFRACl9 5ol UrtgAolz TNE 10HS FASHH
297} 2 phaseZ LIF0 BIIE ZWsI9g. 18 70 Al BXo| R
20| M2 MEAIZIS H@E.
Al EX BS vs, Al HEZ HE A| BEAZE (RYTESYY D)
1) HA|: Al EX Al HEX HOt EHXMOZ QOloA &4
(73.04= vs. 82.73%, P ( 0.001).
2) S Al BZE Al HIEX HLH SHHOZ Qo5 24
(74.79% vs. 83.05%, P = 0.004).
3) ¥ sk Al BE Al HIEX B EANOZ QosH U4
(74.20% vs. 86.41%, P = 0.025). Al 57 T
4) Mab Al EX Al HIEX HOF SEAXMOZ QOolotA ZA g T8
5 2 e (79.72% vs. 69.37%, P = 0.040). =29
=5 v 22y
Al B B vs. Al HIEX IS A BSAZH (QUSEY2] FH) ™ 2 ot

1) ™A Al EX Al HIEX HLOH EHXOZ Q9|51 St
(42.52= vs. 35.44%, P{ 0.001).

2) S Al EX A HIEX BOb SAXOE R5HH 37t
(46.94= vs. 37.99%, P ( 0.001).

3) Y4 Heh Al EX A HIEX HLOF SAXOE R5H &7t
(47.45= vs. 33.62=, P ¢ 0.001).

4) FA Al EXRQ HIEX 7H0| SAXC= R0|gt Xt0[7t gig
(P = 0.656).

FE: Al BE Al QUHSINO| YHUME BE 0N HEAZIO|
LAGIUT, Uil HEHOIAE R U O TE HEON TS
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=LH) Lunit INSIGHT CXR (RHQAMOIESRHEUAMMEY), 252 2z F4 HE -
X HX ATEQN
- == SS9 agMAS - RUHHXATE 7
1y 912717 oI5t XRKW@ﬂ%D%[E H] 25 Iﬁoomépr_i A0/ [EF57HHS] M
X2 link 20-8965 / [Z=5{71L] 2020-10-19 / [&&7]7H] 2020-10-19 ~ 2025 10-18
" (23712 AZOlofBOHHA
- CXR_CE: Lunite (EU MDR) EC Certificate [First Issue Date]
2022-10-31/[Expiry Date] 2027-10-30 / [&37|&] BSI
2) EHO0|X] link https://www.lunit.io/ko/products/cxr
Lunit INSIGHT CXR (ZRQIAO|EEECIHIAMME )
3) Al 9| 7|5/ | - 75 BE TEUARMEHA 0|AS ZX|ot A A0l EME 52 00 1 At
=1 09| =2 MAlotE HHO| AXIE heatmapl= B[00 AlZiztel.
- 2N 9RQI9| Fth HEN HEXEXN gt
4) AEXIE I8t

Al xaq 24 ‘l|.
EH

N f

HEO0| & ZAIE AS OfAl,

B HOUNNEY BN, Tl Al 4
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1) Mg MXE
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Kim C, Yang Z, Park SH, Hwang SH, Oh YW, Kang EY, et al. Multicentre external
validation of a commercial artificial intelligence software to analyse chest
radiographs in health screening environments with low disease prevalence. Eur
Radiol. 2023;33(5):3501-3509.

2) N&/85 L YRR T | AZATIME = oA 2018E 1EEE 12€7X(Q 7|70 S8 HAME
HIO[E/&tX} | & L MAMSIHSHIZ SUSH 0| ZF HASH & 30478 234 SAHMEH A 2,117
714 H, ME B: 930%)

3 EalEiE vV =zt g315;

OIALAS} Ol = Tes

- I'm = 5

ChAFEERER} =ros

B551=T}) [ HE5IX| LS(UX| Y= SXZ, AT selection bias)
v 3k

H|O|E /&t

4) H|O|E{/2txt M xax

=3 Y -
[ e U Sar
v St=H0|E
5) =7t R )=
[ &= 2 QZHO0IH: 32 ( %), &= ( %), [ Hg 2249
s xZap
1. Study design: paired design, crossover
- GAolety MBO & 4G (1Rt 2, 3EXt 2H)0| 88 HEUAMIEY K
A2 2 session0 2 Al EX/HEX H=S AIfH(YRE FT 240
M CXR oM Z& 0| M QAL 2 A9 Uiy HMSAD.
- U= HEEE Tokoh| floi Al H=, Faeeit #3299 Al 2X |F
= 2IZf AUROC (area under the receiver operating characteristic | A g3} T
curve), sensitivity, specificitys AXtotl H|wgt =
6) Zu 29 ~
El v ET'__I:O]:|
2. A
rom x18 . . o | =2 o
a) YdYXe=z ZQot HAC=R HOgh M| JHA| HH(HH, HZH, B R = CE
HEL 2.2% (68/3,047) O|US.

b) Al EX vs. Al HEX

- AUROC: =9 49 T&= Al EX A EAXOZ Q9514 Z7tgt
(0.571~0.688 vs. 0.534~0.676, 2= P3f ( 0.05)

- Sensitivity: Al 2X(14.7%~44.1%) L Al HEX(8.8%~41.2%)2 BE=

HEollN S7ISOLY, TSOl DTt SAXN Rold2 Ut

47
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- Specificity: Al 2Z(93.5%~99.4%), Al HIEZx(94.0%~99.3%)2 1H2
HSoIS RQEt 3O MEQUIA Al BE Al ZAd,

AR (09% T Semudvify Sprafiy

Witlom Al wllwee With Al soltware Willist ATsofwste With AL woltware  Willeal Alsoltwate Wilh AL uilliare

madance [T e IR B UmisEnce o dlEteE i e
mder | AT L] 4z M L ms

A AL TR IS (o 4-53A) VISR T AL - R L SR ]
Ieader T fL8% (e 1] 354 [eh LK

103 le-0.551" WETEal 33— (=35 A ) 4w (S35 K
Pl | 41455 {24 = TR T N 0

FIESLRTES T e AR | LSRN L R 19 |57 AR
Ipader 4 01581 57| 13X (L&) Ll wd

0 345138 = L5310 S5y IB2-TLAE* IT3=154) -0 (-5 )

A e, arificial s hperos- based digenmo geepim sofregre, & LR areo under the: recover opermeg ourve;, U, mnfidence omenos
toote Restafer | [iard yeofRealer 2 [fing-year] fom Hospial |- Resder 3 {dud e Resder 4 |- ponr] fom Hopal 2

e NS apnif, reador e AL e

T 008 s, wili Al siifliabe skl s wiBian Al uillwes deetisge

Net benefit (https://aim-aicro.com/software/performancetooutcome) &£
M-

7% sensitivity?t =2 Reader 12 ZIIE HME2oi¥US M

*  ASensitivity: (2.9%)

. ASpecificity: (-0.5%)

* Disease prevalence: 2.2%

* Net benefit 24Z1t

Al AF20| 2 net benefit0] UCHH FP-to-TP outcome ratioZt 2f 0.13
O|5t7t E[0{0F GHAY, net benefitO] ZMot= £740] M.

™
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3. HAH 9zHIE 4 OF
offd At g3
4. oRI|H/RQl &8 T 0T
Kim C, Yang Z, Park SH, Hwang SH, Oh YW, Kang EY, et al. Multicentre
1) X2 MA"E external validation of a commercial artificial intelligence software to analyse
° chest radiographs in health screening environments with low disease
prevalence. Eur Radiol. 2023;33(5):3501-3509.
Qlx F HZAX| A E a1 L5 =] 2| 7 sH HiAIA
2) A|3/Z= HlojEl/3t %'—H = fQIE_7IJ_ ._jo:..J._'E1_ ROA 20184 1E2EH 128 7(ZH0 8% FINA!
71 T E2Y ¥ NMUSIHSEAS SYUS Z0| B HAlgt 53,0478 R34 SRH(MIEH
- A: 2,117%, ME B: 930%)
3) Mgsizs Auyy |V T REY
U ChyERIe 23 | [ 22wy
ok=7t? [™ 2316t US(LUR| o= BHAFRL, AlSH selection bias)
v s
S A X|
4) HolE/BR 21|~ o
H e o
od _ _
[ Hes U S8
v St=H[0|E
5) =7} [ 2l=glolg
8= 2 A=G0E: 32 (%), 4= ( %), [ b 229
AT Al B2 T
6) 21} Qof Al BZE A 5 4B9| gMolsin XZolel R UawAmEy gy | [ =88
=5 =3 MEAIZH2 Al HI2ZXQ} HW5I0] 2.96%~10.27% O AQEUS(RE | [ 22
P2t ¢ 0.05). vV =2 ot
5. BXISHZ 3y S
offd At g3
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1. Al B Q9

o|27|29| CHHA 7}x|T7} GIAIE

1) 2=7(7| 257t &
= link

Aidoc (version US 8.0 before November 2021 and US 8.1 after November
2021)

https://medicalfuturist.com/fda—approved-ai-based-algorithms/

(FDA approval number: K180647 / type: 510(k))
https://grand-challenge.org/aiforradiology/product/aidoc-pulmonary-embolism/

2) EHO|X| link

https://www.aidoc.com/solutions/radiology/

3) Al B9 7|5/=

- Jls HAMES oY oft] HAAUCTEI=S AlY 22 A0 st AIE 01850
HMES (RS dEe. g2 42, i AHS Yoletat QM0iIA = L]

A 1 odEE B A4S A
- B4 JMEES YEC=2 2XE dAPE 2 MUY =2 k= =R g
HAMHS Fdez AXE HAPL US O, 01 Yol SMoi|IA H=A L= 9
dEHE g 282 A
HMHES 7FE 012z THOlL, LEE A=2 M0 Eals 8% dde=
2fQIE Ate] 0IE ST/ Mol QXM ZAZY ITi7F EHA W2
.

1) N8RS
22 23

9zt Al
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éi—?e L= RAE -

s m;ﬁhl [ OHAGID, JIE % M W 4 A0 OiE BEE KES MEE

L3 oT=
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https://medicalfuturist.com/fda-approved-ai-based-algorithms/
https://grand-challenge.org/aiforradiology/product/aidoc-pulmonary-embolism/
https://www.aidoc.com/solutions/radiology/
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[~ = 2358t
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[ 28518 242
[~ st=260|gf
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1. ot gt ZH

1) X2 MX|HE

Rothenberg SA, Savage CH, AbouElkassem A, Singh S, Abozeed M,
Hamki O, et al. Prospective Evaluation of Al Triage of Pulmonary Emboli
on CT Pulmonary Angiograms. Radiology. 2023;309(1):e230702.

2) Ngl/d3 CojEl/&
A 71

Ol= University of Alabama A%9| 3xF HEHWA 20214 5& 12 ~ 20214
128 4Y AO[0f| HAMTE ¢ otof] AlME 1,526719] H1I°*J—+CT£%“'§(1,4360—
I

3) MgslaE Anye |V Z REY
U ChasiRel et | [ gRoE
=717 [T B8I51K| US(SX| Y= SIXpZE, AlSt selection bias)
e
O E{/3} AKXl H}
4) t|1*|0I 1/2tRt 7 B v et
; ™ se U sa
[ St=o0lH
5) 27} v o260|g
[ 5t Y Q2H0IE: 32 ( %), 2= ( %), [ Hg =229
Mz
HAZZ oA 510f A= 1526719 HEBCTZYSE U 1,448
o| EAE AR FTE TS,
D Al BX vs. Al HEX Al g3 ¥
6) Za} Qof (a) HMHXE ZHE M2l F2f&(miss rate)2 Al HIEZ A ===
4 29
= 212t 97.6%2 12.3%, Al BX Al 2i2t 98.6%%} 6.1%2 | ¥ 220
Al B Al 20t g7t UL, SAXRE RSt X0| | [T g2 o=

7t gAs(=2t P = 0.15, P = 0.11).

(b) YHHOE FOIGHK| A2 HMMSO0I| CHohM= Al EX Al
sensitivityZ7} EAXMCZ Q9514 S7t6tAS(86.4% vs.
66.7%, P= 0.04).
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2. oIstM St EM: Tlm/EX ZAu g 0jF

1) X2 MXIE Rothenberg SA, Savage CH, AbouElkassem A, Singh S, Abozeed M, Hamki O, et

u < | al. Prospective Evaluation of Al Triage of Pulmonary Emboli on CT Pulmonary
Angiograms. Radiology. 2023;309(1):e230702.

2) *@/?:1% . . A0 - o L= 2| ol el g9l
T O|= University of Alabama £A%£2| 3Xt HEHMM 20214 5& 12 ~ 20214 128 44
718l - AROI0] HAMHEBO0| QAME0] AIME 1,526719] HEHCTEY=(1,436H2| StA)

3) le%&'?if v A (55}

OIALALSE Ol

CH-&F SEXet ses

maisieypy | | PG US(HA ¢ BHXRE, A3 selection bias)
T sy

4) HoOlE/BR | o C

4wy —en
M dEm 2 53y
[~ st=go|g
5) 27} B
[ 3= 2 ZGI0IE: 817 (%), &= ( %), [ Hg 229
A7
- Phase 1 (20214 52 12 ~ 20214 6% 30¥)1} phase 2 (20214 9
2 30Y ~ 20214 128 5Y)=E 7|7 L0, sig Al7[0] HAMTE 2
SHOll AlE HHBCTEZS(Z 50371/489F, 1,02374/959H2 AANO T
Slof epE Fsts,
- Phase 10jAl= QAtO[BHD} QIAIZ} 7|ZQ| MEQD XIH HIAlOR M=
Phase 20iM= A9 7|52 &80tz SHH0M H=YFE TSNS, =
7o HES AIEE 7K ¥ ©E ZIPF g 07K AQEE AlZHwait
time, report turnaround time, exam turnaround time)S H|W5IAS.
Oircier enbamd by Exam comjisted Keport imbated
rederving povider iyt hmolagist =y radmiagal AI EI'-I' ]:|'_I_|-x°1
Tiew r Rengrert: fivadie edd I_ E%%
6) jedll-l' 9._Q|F by racialogist
v 229
CT— =2 o

- HMAE AN Al F wait time(BA SEAFEEE = AZ AETX|Q]
AlZhe Al EXE Al Al HEX HLF EANMOZ QOI5HH &U2(11.38 vs.
21.582, P <0.001).
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AIETK|Ql AZH report turnaround time(ZAt EF A|FEEH =
AZRISl AZHE Al EZXQF HIEX 7t EAMOZ Q9|5 Xt0|7}

o

= -

- BE AAtQl A report turnaround time(dA & A|FEE D=
AHIXl AlZhE Al EX A HEX 20} SHMOZ Q90|51

(45.08 vs. 53.782, P ¢ 0.001).
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o|B7|&0| CHHE 7EX|-7L GIAIZ

1. Al B2 QoF
1) 92717] QI57F K2 link | QI5{7|S B Al 20| O
2) EH|0|X| link
HOIQ BIXIZ [AOR EMR 7|22 Y5HH 7|HH0I™S 0iSst= 0% OIS
3) Al 2| 7|5/25 2e(prognostic model) LS S ZULHT QJAS0| BHXtO| 0SS ofZat
gl £2.
4) A=X 5t Al =3 24 ~ - _
) MBS 9 =72 5ixjo| o MES ZM(survival curve), £ MZE7(7t0| HZE
I} ey
5) A7 ALK ofssE | [ HAIGHK| %3
EE QMBS H8Y HAE | [T RAGIH, 71 2 ME U Ha MO C§H BESH KRS H2E
RIAlst=2t? W ORIASID, 71Z 2t HE 2 R SiAol B BEst NES MBSIK oS
2. Mol = AMME U CjAEK}
MO @ B E 04 £TO| B2 1YE BXE ME, ACP HEIS 5t 2K MHS FMSIEIH ACP 2
M RN HIEE ZINFIT XB LTS ZAAF EHEXMOR X} 4o M M0 2H
*ACP= Advance Care PlanningQ fXtZ2, 7| & XM X|ZARb Xt Zte| HEE Edff XzA=S
#2sts 718 oo,
3. 8t& O|o|E
- 2008EE2H 2017E7tX| O|]= Stanford Health Care SystemOi|A Z0[d
StA o o=z Xz 10,070H.
1) 8t HOIE 7| = B . - _
- SRt QRVIZX|, B KB, lab WAL FI, AlS, XY, ot TSp BE
= https://doi.org/10.1093/jnci/djy178
vV = garst
2) MBsfals aMME W |~ "
Mgiiter Bgtstesh sees
I =
[ 3t=dlolE
3) 27t V' Q=00|E
[ &t o Q=E|OlE: 512 (%), 2= ( %), [ Hg 229
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II. & AlR/AE Ak 71 XEe AIE &8st Zlg 7t HlW Zy}
1. ofStY & ZB: JTYHE A O
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Study design: parallel design
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